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MBEEE. BRxH28FHE4FFTE (14CXW025)

PRI B [ AL RG24 58 © 2 T R R i F 4t 2 4% 43 M7 7% (social network analysis, SNA) , A )
B B E AT S B PR, XTI B R BB A I

Fh2x W25 53 BT 05 1k Z T AR ST SR AR B OR 5 ) 2 fd T, e A% O 5 1 0 7E T 8 B9 20 A R LA i
“LEPIALBLAY < Jm PR R 7 (attribute data) G B T B — 8 450 R Y < O R BUE” (relational
data) , 7EAESE WG T2 (I AY 4K, SNA TEsEdEH BA W51 7 .

B2 AR SNA HY S B AR R T 5 Z 8040 /Y 20 A st LU B R T 17, 952 b [ AME G 2 3 X
SNA HYflFHZe b5 T — ANk s fhaet A2 . BL7E 2011 4F Miller %5 7 06F 41 4044 4 1) B AL 55 5 Tk &
JE Py S AT R AR B A B AR B UERETIE DA 20 T2l 70—80 A4, 414 W 4 B vk S A FH AR A
GEAATEA 23 0 v BT A2 4 57 " Ao 52 ) AT XF L A DR J P AT A B B BRI SRy S U ) G SR OG T
S W EER BTG, EE GRS 18 = A J7 T B9 F8 bR - 85 8 %) SE 4 (structural equivalence ) | BL4%E R R
(direct relations) LA K 41 ( brokerage ) . £ T 20 42 90 AR, W 5% & B AN 2 T 1) B A R 5% 5
FHE 0T [ I 0 G 28 5000 A M B8 R A7 28 1 B AT ey 3 W] 52 e BIF ST X 4 . 2 9K K i i
IR AN A TR o TR 3 A 4 . 45 BBE PL K A B ( ERGM, exponential random graph
models) , 7 B fiff o [] B 25 8 S 28 728 o I M AR o 174 ) 281 | SEEIE X 4% 43 M 4 B 9% ( SIENA | simulation
investigation for empirical network analysis) , 3= Z0U 51 B 57 AR IR 2y 1) 20 25 ) 2% 38 AL, L AT DA ] 5 2% 6
KA EMEMEAE R,
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W FIREE T KRR 5 BRI W45 WA B8 A BB, R a2
ZUERRIILAKRE BB T LR A7 LA E, MR B AL M 255 I8 A9 8 B A% $ 2 A S BT 5T
SNA HYEHIBURE — R B RERRZS 7 ARSI ik R S AR 1A 208 3

— MERMHAR . BESXENDE

LU R EDR A, A FRZER A 2011 4ROk “J@tE” 5 2 R 4 B B 5845 2
AR PIBIESE 2 ) F2 0

Fh 2 28 o b7 BB R AT Xt 42, —ZIR 3R (whole network ) , — 8 J& A M (ego-net-
work ) , BEIRR FEWFIT L T IS B R EE MR AR bR S PO L IR RS
BRI R B LR E AT S A R ol R IR S AT B OCHER R, EEH R Ak
MRR 2[R Bk 2ok O R AT

FER I AR 5T 2 b, 5 22 5008 R mT LLASORIF 9 1) R A28 8, 058 A N 18 i 1 a5 i 3 o« 56
R WA DESS A AR & [FIETES & AR« @ v Bl 2L Rl i B A i i oE AR i, TR HL AR
SRIAIES 2 22 Jm MR OC R AR & (EAB T2 A% e b 57 19, BIAS 1] 1 T B8 200 0% 0 7 2 445 5 A7 A0 9 B 1
B XA N ELE S 3BT ERGM /Y R FH AT —JF 8 i

AR Ry H WL« R 7 AR s 4 O R EE DRI 2 Rl B R W Bk s 2 TS,
A 5 S F8 A B a0 A DA R P A B B 2 (brokerage and closure)

BORE LR MR, < @t 2 A AR G A58, T LLA A A AR PEA% (P9 ) 3000 ) 55 )
UNAAT S A NS W0 14 22 0 AR AR B DA A NBGA S 5 9 B P IR B a2 o 4% 4l P R 75 2 el A A4
NF i 25 1) 22 TP ], PR 22T 11 I 4% 19 56 R — B (] B vk 04, IS I 2 4 I 35 I 22 a4k
Pl AL A A5 2R Z A A ATHE M 45 B P 9 249K BLA 56 & 7 48 B ] LAARAUAEAE A
AH AT DIAEAE T B 0 R0 E R AR 15-F & i A ¢ R A @ MR LL P R fr e | i e 2 30
AR N F AR R A RS B, SO R R sh

TIA  FEAL 2 B AR5 AR LRI OGOk ) s TR] bk 2 B R A ) A B Oy [ AR e
T N B R SR R (H R B BOR 7 A 22 RS S X s ] b BRI R i 2 T e 1 B
oo Z 6] B 3, B0 1 — AR H A I E B [ R, AN, A 535 98 1 B A 0 ] X b e B 25 10 %%
RO RJE R, BIE S Z T d B S0 2 A EF/ AR JE M, ARG 5 ICT
HeFF ISR B O AL VA (in-group ) , B AL T A AU OR S5 TE B T 41 & 20 2 B0 10 20 BOURAE 1A U]
Wk ICT B9fd FHnss A 2 #9 £ ek 1438 (out-group ) , TEAH THAZ U

WM ETELL R N AR Y,

WL RSB R [H AR T ST, AT LA 43 0T 1 Q05 55 3% 45 6 0 FH 2 0 R B8 AT o (2R AR BT o
BRI AT XA BRI 52 11 (social tolerance ) BIRZ MRS R T 5 B2 LAAK AN 190 34 25
RS A A I o A 0 A MR DA R B R AT A R EE Y AR i, Shen SF A 54N X 9 %
() A PE AT S R EAEFEAT MMOG (22 A%k AR ) b A v Gy 52 o) 4th T 907 X AT 55 189 58 Kk LA K
A IR B R R

TEBURERE BT AN AR I8 A% O B ZE A KT8 I 45 ((discussion network ) I9BF5E H, 32
BB HE 1 [R] BT v s 2 ook i Il Ban e 2 oot MR B B AR 22 A RBUA S 5
(political participation ) Fi B [ ] f1 10| 3543 I 4 22 701 R 8 D0 A Ak B 56 2R B4 0 9 o 2 ik A4 4303 o
FEREMNANEZ ",

A UL AEAR ST e R A e G R AR BN B AR AR A i R A SR R
MUST ) 1 AR S, R R T S R R R B S A PR R S R ST R AR S T R AUE 5 A —
FE R BE (AN AT N SR TE SNA 5 S22 )5, EAHRAAR A H A B A0 5 S, 1 HL X R S8R SR TG BR, B
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TN N B8 IR 0 2 R R T ) il
— HAEENERNERR

TE 25 R BB AR (Y 4 SUL I 58 a3 5 T S B, Monge 832 31 T AN K A9 7 1 — 2418009
B P & e 55575 ( change and development over time) ; &4 J& A [R] )2 IR B /NI L ZL T 240
Z 8] B 15 1 & R W 5T (relationships among people , units , organizations , and meanings ) , Bl fth — 1 55 I8 i
112 2% (multilevel ) 45 & 52

Monge 45 A4 2] (14 BZ AL 52 0 M LR B D BRI R |, © @ 7E i AR BE R th A5 3 T 74
PRI S AT AT b A (4 21 245 B B 55 AR 22 ol T A% 40 2 I M R | R AT B 9 R I 45 A8 T 1
W5,

A TS AEWESE P PR AR S i i A b T A B R O RS R R A ARk B A X — RS BiRA
A 5 28 AR ST 53 A P TR 8 T B X L, RE S S P 28 78 £ 44 5 JES R 1Y i I PR T 19 20 A T
BB ERGM H1 SIENA 33X P-MRBY R T BE 2 A DR s Jm 1R I OC 2R P45 & 0 i LUK, i — A
AR TR T AT LAA BRAR R S B A B Db R 2 I s BOHRE A B R AT SR IR Y, T AR A ST AR
VRS VAR R S 22 b A AR GE O ik (BN IR A 4347 56 ) FAE S LR ARG aE Y

X HLT B R A A & ERGM F SIENA 78X 5 28 48 1t R M 722 i JEAT o0 A i, 2 S 9 2 2001 e g 7
FARE KRN RRAMEAE R N R SEBR B P48 R YOG R A i 40 ) 46 b
I E R AT | O B 0 205 8 A A AT IAS B B Ok TR OC 2R 0 S A R e 5 T A1 A A e DU R
W E8 AR SR E B T OC R B M LA B Fo A & P A48 1 B PR (CAnARE S M AR ) | axX LA N AR AR
TR AT p A A AR R T i A R R R N S A R Y ISR N AR SR AME R i R X
JZWK (multilevel ) 14 ; A A= 728 0] LAAL & MR Z T8 09 o0 B o0 2 a9 AH B B M = I 2
i Ve 8 B 5 T A A A8 B AT DA 5 A2 T AR IS PR, e 2 T Y JE PR (R M L A [ AR i

P52 T ) 4 48 kg 14 D7 X0AT i B A 53000 S B BIX e RE AN 28 1 S 0 T 10 000 298 rp gl 57 G
RIBERIE G = TR X7,

DA PA A A8 ) o BE SR 401, S92 B 19 2 24 v B B v b B Y R, S T RE S A R T A
XA TH3AE HRR B30 5 0 A2 1 SEBRTE GG% 422 32 5 B AL ™ A 0 I 4% v 1) o5 L SR BEA T X0 L B AT
QNSRS H g SR 2 U RS 150 ] v B2 S A A A 78 S BB A S el I 2 R A, G 1, BERIL RO 5% 14 4R RO
SR BE 5 S PRI ) 28 AH [) B 0 48 R/ %5 B8 B8 Ko A (L, SR 5 3R 1000 /> BEAIL 0 2%, 181 H Y
WA (BN SERBRAEL) |, R A Ry BEATL 190 28 F) R 500 Y FBT, G 2R e A BB A AR 181 A1 U 35 B (8 R
AR ENE
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BB B WAL SUL R A SIS, A 24 480 5 HIV A K NGO W28 748 i i 72, B 5%
AT X A4 Y B v S nAe] DR B B G AR Y B B 4 S R NGO g M 4 4] 52 i 3 i 45
PR S AR

Margolin 55 W) 25 HR T~ 2H 21 2 [A] 1) — L6 B 1) A A= LU Qn s (0 B9 1) 4t 7, XF 20 2R 22 8] 119 56 &
P = A B RER R, B T AR B RS P9 2 X NGO 25 254 1 5% i), 7 20 20 2 Gn {38 8 Al A7)
I AL BT 4L 22 18] 19 5 2R | 2 S0 10 2 O B B0 U M IR 2 28 RO BL A (9 K %, TR 288 4 4 1Y)
B B {0 15] 1 ( preferential attachment ) J& /52X B4 | FH A 40 Hrdi 0 J& SEINA 17

Ay T 0 0T R 28 A8 s A R DA BLAE T Sy 4B 2

= ERXRTEZEHNEL KRR

KFR AL 5 R R B AT 45 B 2 B A ML B9 S T O R A AR P A SR R ROCR b TR AR
TESE I MRBE X 3t KR AR B 5 @ PEAR 57 W& A W) i R8OCR v, R T R AR B P A
WH5e,

X AN F 5 I A2 ) R — B0, RNy ST 1 4% 15 2 e 114 HF 44 — SRR O B0 g A 5 i
SCECER SERBR , AAABATTEE H — A8 0 TP A T LI < BV R R A Bl ) 3 B 15 0 R A e 3 B R 1 AH
FeH AT H (doctoral program ) i B i 4F IR |, B H £ & 45T H #i M (student placement) A5 A
i1 (faculty hiring) F1H L , 256 75 I R SR 29T — 300 H I AFIR

55— 9T B Barnett 2858 %Y JFFE B, G H 2 A i AR F U BE TS TN closeness central-
ity ,in-degree centrality , eigenvector centrality /5 1%, %71 i 5 25 FE ( reputation ) LAY 8 LA i , 0L H i
HhBE I PPN A I A5 2 BE 2 T AT Y

H.2016 4E, 54 e WK 2E R LA FE 1 Bamett (RFSSIRA T 25, e a R B T 522 AT/
RFFE AL, MATTAIFFE XS RATY SR 2 AL 24 4038 PHD B H £ Ji 4] (hiring ) A1 H ( placement ) 3
FEHIE L R 28, AAT] ) 5] H Bn o Ay SRR B — B —FE R AR e, RO SE 2000 A RO PP AN LA
Mt E

CEEAT T 2007—2014 AF 7 4R Z ] (41 A Bl A 3 s AR B0 B2 B S BT R A (faculty-
hiring ) I {7 5 b S5z 7 1 0F 1 o, SX RO T A9 N A i g, S B INTE R . e T —
B ) 26 1) < PN A AR A0 FE N 2% ) B B 3% G PE (transitivity ) L BB #(cumulative advantage )
S [ 28 AR 1 E IR R 5 I — B T ax s py A AR i D) R A Y < SR A AR R AR AR SRR 3
2E R R B WAL Y 3525 BE (institutional prestige ) Uil ¥ AY4F ¥% (faculty seniority ) 2%
A HE 24 1 DL AF BRI o3 LR AT 23 52 i 0 245 A8 At (H R AR LR 8+ 23 3558, I RE By 2 52 i) 1.
TR SRR E N ZR  SCEMH T ERGM AL T Fik 73T,

A ScEgS e 8 ATk R (challenge) T 4G Barnett 55 A9 57 2516, 1 A4 A 5 5 B OF A
SRR TR 1 S T R T A AR I A A Bl g AT AR I 5E Y e R nT BB B 22 1 2 K R
2, i 0N A HER , 8038 H A NS R IAT T 2 B2 —Fh RS B

XA IE S B FE 1A 1A B BH T AR SCAE 58 38 43 iR 21 A ] 1, P4 AR A 1 R ] DA el A0 AR AR 4ok T
W FEA AR BA BB A G AT S T A GG i TR AT G5 N AR I 4518, iX d & ERGM 5%
BEAL N AN BT TE

XA A A A e RN A AR R B AT XA RIS TEIE S D4R R R R B W R R . A it
5% PR LE LARTH& 1 0 AR B PEAS B HL BB T AL S B b7 55 R ER — R 18 DL K I 26 A OG 11
N A= P 2 (general discussion and network-endogenous factors ) 424~ A 738 W #4) DA K B s #5345
IRy B bR, SCEARM A T ERCM BRI AT T B C R @M S AR 43 B, A it T N AR AR
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AN AR R A

I A AIE A I 45 235 4 1) 532 0 250 R DA N 75 A P Ak S A4 T 4 8 1 Ok A AT A B2 B B8 A > A
TE W 4% 3R 15412 3 FF (social support) FEAT , & PR A AR TEAS Wi fdt F AL 28 2% ( Le e iG - L 5EHr
H O APRSEE S5 AT | 382 A N 45 25 R A B o 25 T2 B, an SR 42 ) T 90 45 245+ 3 4
P A A A A B i AT O B R AR TR (status updates ) 1588 54123 32K (social support) fY &
B IE AR OC  H 24T Al FH TP BRI AT A ( private messaging) JEUAS 5% B AY 41 2 SRS B3 1E
FHOCHY (HIE ] T M EE M 2 J5 X A BRI 8 1 I LAVE & 4 3% E 40 I 2% 4 4 A B 6k 1
LIRAS SIS ISR A T

B AL A ZUL R AW I AR S B4R T o AN SCTE L LN ARELAT Sy, B0 R 51 I 24 L K B
D28 WG S P 2 | N2 A8 1 40 SR T TN 2% 25 R RS ( 454 B S5 DR BN ) 5 st Ja M (6 4 il B ) Joi 2 |
SB[ R v R 5145 ) X TR M B ITE DL A5, A9 &I, INGEAE bk U 77 78 1 35 1 B R &K
S — LA B PR BR Y R D1y O BEAR PO AR S R R S T R 2 HUR By L A
RUBMORAE  WUEREEH T LR ¢ R v, W) b 38 (W] 5T M 5 SRR (R B1 R 4 AH G BE BRI 2 (R T
/N T I R N TR LB DD A S S B AE AR T 5 BRI SRR AR it 2 B0 120RH DG
Z WEERY,

RS T OC R AR B R AR i AT AR B B E AT AR R Y S AR B A B O
WTEZN ) 585 BORMARTER M 2K 25 IR HE 1 H B R (R TE X Fl W 25 4 il S8 L2 e, R &R
JEPERTRELEA T R A RAEH] 2R E A S

MR ERF R RN IR B — R WA A T Z 5 BT A SR TR SR A 2
Ul B 45 44 1 9 AR PR TR 2 i — DR AR

0 | & W EREE T By B A P 48 X BT 5%

Z I AASTR G310 5 Ry 4 WO PR (4 B K R BIF 5T, 55 Wi JL A 98 43 1 DX 2 AR A G T . —
T 2 HA A e L, IR A 5T BRI 22 R A AR 1 5 12, 43 2 BB R A 92 SR ) — -840, A i 43
AR RS ) 22 2k 19 0 2465 BB 5 g — 5 TR AR S AL A | AR 43 32 B 59 M o R AR I ) S5 R A 5

1 SRS AN AR AR A X T Y, BRI A A S ) B e SR Uy U SEAR 22 0T, I 48 AITUHR ] 465 90
B IR DR SEE S I (H 0 28 RO T 8 A B ke U507 =X WF 7 00 A U mT RE R AT A I A
A I 7 5 T T E R R AR A o S

(—) EMUMEREEREEEZHE

SRR EE T BB AR R o A b, B 2 W ST AR D T B T Y I 2% A R T L M 4% R 2R
(cluster) , 33X i 45 F4 A< B S B R ) 3 A e OG0 A4 10 880, 8 P %) 75 30k 5 2 ek 2 0 8% 43 A 20 APF v 11 4%
FR RIS AT, R B4 b i T2 AEFE A Wi i v

B BRI 22 8 X B AT 0 BT, G TR R 4 T 3R 1 O 2% 1Y) SRR — e A A R T
PAA T FLEE 2 5 — R DR oy EL AT 20 ek BT A 1 A 1 2 o0 # e SR S g 4y A
R R TE W INAA (clusters ) B S BRARUE , B S B 5 RAR S A3 K B T RURSIE 0 R Bz A1
DA BRI, BEAMA A — A B V5 0 R R, 32 B0 R U BT 38, ORI A BRI, N TR S RN AR A
NFIEE R . MAEREA E 20 N TR R & T By 1% B0 & AR R Horp 3R K Ol i Rl s, 32
I M HAB B EE R (secular reformist sub-cluster) )7 32 1) JZ X} Ik ( wider opposition sub-cluster) (32 & 7 4F
ZH 4 ( Egyptian Youth) %55

22 05T AR Th 7R BUA SE IR AR Z TR O FORAS B 8 = A 258 i R BT Ak i s i Bl -,
R BIF 5T A0 A e 22 2 T 1 sl B EOA 43 N B9 2k B n] L (visibility ) R4, %645 T 18th National As-
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sembly ) 278 & B3, 204 T AT 2Z 18] W 511 A8 FE R ( co-occurrence ) (2% | LR 2% B0 T 0H & Y 4%
oL E A

FEUR Y R T DUABLAE B A BAR A S 1 vh 22 3 B9 2008 45 58 [ 0 3 30 Sox i 1
5 E A BT, B s R I, BRI IR 04 BB AN AT S G b ) B S % S B (HR SRR BEE
SR CHEYE blog FRARHRAE P ST AL, S 30T B Ja i ST R R T O BRI SCEE A Ry I 45 A s
[P YO R

ATLLE 3 SNA IR AR W G5 piF 58 v, U HE BRI Ao v < JE M A8 i ] AR B VE 2R
PRI o, 5l AU 38 5 I — Rt R, 25 T T T REZ G A s 45 4,
AN X S e B B, L I e & R 30 T BU3E  SCfk B 58 TE s P b 2 D i) A [ P 7

T R RN, FIRBERE R A T A FRATE A H R RER . AR BOAIR &, 804
T EE 2y I TE A R B AR

BN, Dvir-Gvirsman B A58 X5 G 2 DA 6451 Y 35 58 R AR, 7R84 1 RS AR 6 28 i L ] 19 19X 32t 15 1)
i (web logs HAZARMUAT AR ) J5 , & 30 LA €831 B A T AN ] 2 PR 25 19 I il 195G 12 (22 38 5
BAE) FANAEAEZE 5, AT Pk 0 U 2 k0 2 oA iy, JF A 1 B Il & % RO, RIS e 1k
TR SO0 5 8 3 4k 2 W 3 A 5 4R A5 1 U5 1) 2% 258 0 0l (1) #2328 11, 0 - D50 LR B2 AR 36 1= 1Y 40
SRR

55 E R BB A e i A ST YT IR TR, — AT U G b A9 DG B R BUA 1 46
(9 5 T e )R, 55 & R Twitter 1A TR W1 1 B FRG Ak 09 T g | R R 7E [ BT A 1 0 28 25 44 v 4% 128
BT — A58 IRAK (partisan ) B 2514 | 4% 00 B BEAAC AL 46 00 T 1 67 1045 8, 0 L4 468 T TE 9% 5 AR
S, P41 5 A INETE W — A Wi 0 AR 25 4, 5535 T8 i — A4 AL BT DL AR & 3
FEL R R 3.37% 1

FRAE IR AR TR A R 2% S S DR A R RIS 43 e R A3 A T A R) AR 1 (3 Sl R AR VS BiR
K0 ) AN W] B 3% s M (BOAR TR = VS FRIke ) | PRI & s Ja 45 M 0 Bt B0 TR R R 45 2R, X
SO TR A M B TR U 1 A ] S PR SN Y BRAE I A B 2 SR AR R
R &R BRI HOR X BAE R — A 5 A SO G B N AR AT 18 3 i s P AR B0 i B 2 i — 1
WEFE IS | BUH BEIE T S ) R B2 T BE 2 R o B AL 5 w2 ) — < JR Pk 58

[ 3] 235 4 Ak 1) 52 905 SR AR AZ 4, SR LR A 58 30 A D32 A rb O A B R 52 Ak 0 I 2% 5 IR I
FER B 45 4 (technical infrastructure ) P28 (A [] | d5¢ J5 A1 90 J B IS 2 09 9 28 2 vhoc AR 9 T IG5 1Y
P26 S 2 P AR I B2 A0 TR 4% T SR EETE 5 R4 T X, SCIR I X B 2 A0 [l R R 32 Ak s
(8 AR B2 1 2, A IR X A AR S2 AR AL 2 Al 4 s T B VR & LOULE #9755 B 755 2 (node ) |,
b — 8 W E A A2 AN S R — A T B R T A A S I BT R B, S ARAE LR 236 IR
HadFe b AR KR — AR5 2 B0, 1 - B0 TE 0 I8 B9 ISE 09 S8 52 52 Ak, PR 3 % AN 2 S qk 2
HR RS RS R BT R SR 1 T B SR BT EE . VRN AR 19 32 AR ot £ b B2
PSR SAR T AN REIZR AR TS ) K 2 R INIOp= W Iz ( winner-take-all) /59K 2 £S5 AR (2] a4
SR IR BG I T H T X THER R S RS IO S BT A 9 40 5 04 2 B XX
AT EHEAT T E R AT, 45 R R BT R R B R AEAE AN R /N B 2 AR 22 ) R
R 52 A B R AR R Y

A LU 8RB 42 i A 80 i 0% J8 1k 22 S e A A PR AR IE R 85 Uik 7 R
F o R AE R IT A 2 k2 0 B BREIR B

(D EFEMPHEMEETE

TEREAR R b T PR A A D B A S Y (EET X X R R R AR B R AT AR 2
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TR TR UL A TE 2 0y i Ak VR B SRR DG T AU R T T A T

WEF WG T E bR AR 52 5 WA G IE L, 3  2002—2006 4 5 4F A 506 43 B & 0 S 1R | R
B, AR A e A 22 AN AE R G T O A, N FLARE I B B A AT R X R A R AR R AR E R
IXCHL B9 LS A A P 1 S A AR B T T R 2ok A RO E KX A 8 PR Y S A
FHRIFE R3S A W58 0 A 1t 5 5000 I %) 4 3L 3% 2 IR 28, 8 AF ) A I 2% %35 B ML 0. 03 3 fin &) 1
0. 034 ,MENA (P ZARdbAE) B RKTE 8 R A A DHEA T W2 By O Bl B 4G BT R IR 3R K& DA K
VBT HAR  HE AR F L RV FT G o B R L, 7 — DA AT T, BUR & 3h 2338
13 HL I R AT AL, BT R A =2 7R A R AR AR A I 45 328 38 0 A HR 0 B 22 i R A A Y R X
1 52 1) b 2R M 00 0 A, B P 2R B AR A5 R ST AR iy R e IR R | T ELIX b e SRR X a7 B, H
JERT X 28 A8 IC ) — A B PR ) S 4

A — 5T RN B PR AT TR S AR A BT (HR SR T 23 B T ELEAZ SR 1Y SPSS X1y
{H 2= 5 EAT B PR S

AN G 275 R IR P B AR T S PR 3 HRE ARG 3 D i 27 R 51 H X e ) i 22 BE R 7 R
IR RAE B . MR E el 51 M o s 20 7 AR ST LA K5 | B9 AR S E s | 98 )5 %4
FENTE N BT H AT 2 4E ) ANOVA 70 rfa 3] T BIREEE . AE# R T 4E2s I B0 #f ok i
B2, Z A0 DA B — B S PR oA Lo VA A 3 O A2 ARSI M BT 5, 55 P T8 06 ) 1 45 R
B NIEAT AR AAE A0 SR A LA S AR Sk 1) ) 13 SR 8 3K S B006 20 B, T BE sk & — 52 1Y
%€,

IRTE A A PR T i 3 T ] ERGM 45 7 A -7 e T M 25 A PERIF 9, oA IF 9 DG 1 36
Pl [ 25 B 7E Twitter F A9 SGTE -5 5.2l ) 45 2R & 300G T8 0 52 B 1 AR 5 19 5 IR [a] 5P | 52 i 5. 5 1)
[ B 4 PR 3R 6 2 5 8 T IR — N 38 UR L KA (public concern ) | WA 1 X 2% 14 P9 A5 A8 &
Z 5 X ] AR B e A, A A 455 DG 3 L B0 e ) A TR A By R 2 8 4 () R
REEM LR, Y

(Z)IBX ML

T SCI 28 B AR GBI 9 I A 25 I 28 A5 24 rh S AT i/ (18— 43, Bl TA Sy 2 BRI #0455 T I 4 B
AR A M —Fh o7 =X, ER Bl A 58 SCRF 9 45 7R SO AR G BE A K 91 0 e AF 9 358 R i 1) 3
LR vevolution — i) i) HC JBE 55 55 , T protest T AR 8 1 2% , A T R G0 U = 14 1) s P 0 5 B
LA E 2= 2 058 oh N B B AA &, AT IR G - 18000 2540 75« Bl — i) ol e iy et —
AN B0 1 S 4%, SR 38 3 2 A3 HT (cluster analysis) & 3 11 ASAS[R] (4 38 SO0 26 4555070
F i AR S BA A OIS S, B H A B A PRk 22 B50RR MAHE 28 38008 524 18] SCAA B2 R 47 40 A,
AT LA TSR 14 5 R S A A AT A A Y X 5 B R R B SRR E R
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Rethinking the Relational Data and Attribute Data.
The Status and Development of Social Network Analysis

Pang Yunxia( Central University of Finance and Economics)

Ll

Abstract; The advantage of the social network analysis( SNA) lies in the analyzing ability of the " rela-

tional" data,which overcome the shortcomings of traditional variable analysis for " attribute" data. However,

lack of the ability to analyze the " attribute” data may also be SNA“s weakness. With the emphasis of organi-
zational communication scholars on the multi-level analysis of " relational" data and " attribute" data, this pa-

per examines the application of SNA in various research fields of communication in recent years from the per-
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spective of how they treat " attribute data" and " relational data" in different ways. This article finds that
early SNA researches focused on individual networks, which was from the tradition of sociology , attribute data
and relational data are usually analyzed separately, either could be independent or dependent variables. How-
ever there could be a premise error of such individual network analysis, because variable analysis demands
individuals are independent with each other,which just can not be accorded in a personal network. Then or-
ganizational communication scholars initiated ERGM and SIENA models, and began to put these two types of
data in the same model. The advantage of these new models are that they can deal with data from agents not
independent with each,and can do comparison of the effects from endogenous ( network ) and exogenous ( at-
tribute ) variables. Recent researches control one kind of variables from above and find that endogenous varia-
bles,i. e. network factors, are the main dynamics of tie formation instead of exogenous ( attribute ) factors. In
the network environment, researchers use data from online and analyze from the perspective of whole network
of SNA. Results coming out of data digging just opposite to traditional research methods with hypothesis put
forward in advance. They often find culture, country,language and location are the key factors forming clus-
ters. That means online social network analysis step back to analyze relational and atiribute data separately.
However, there are also researchers now also trying to combine these two kinds of data in one research. In
general , SNA begins to emphasize the joint exploration of relational data and attribute data in recent years.
However, although the research methods are developed to analyze these two types of data,the effect of this
combination is not ideal ,and more work needs to be done in the future, such as the emergence of new re-
search tools and theories suitable for this trend.

Key Words: social network analysis ; research progress;attribute data ;relational data
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